
Summary. The histological variability of Glioblastomas
(GB) precludes the modern assimilation of theses
tumors into a single histological tumor group. As an
alternative to statistical histological evaluation, we
investigated 1489 human GB in order to discover
whether they could be correctly classified using Self-
Organizing Maps (SOM). In all tumors 50 histological
features, as well as the age and sex of the patients, were
examined. Four clusters of GB with a significance of 52
(maximal significance 60) were found. Cluster C1
contained 37.47% of all GB and 41.09% of all
polymorphic glioblastomas (PG). Cluster C2 included
35.06% of all GB and 44.96% of all giant cell
glioblastomas (GCG). Cluster C3 contained 16.45% of
all GB with a significant component of astroblasts,
glioblasts and oligodendroglia. Cluster C4 included
11.01% of all GB, 87.80% of the gliosarcomas (GS)
and 36.72% of all GCG. Placing a series of component
windows with their maps side by side allows the
immediate recognition of the dependencies on variables
and the determination of variables necessary to build
the specific clusters. The SOM allow a realistic
histological classification, comparable to the actual
classification by the WHO. In addition, we found new,
small subclusters of human GB which may have a
clinical significance. With SOM one can learn to
discriminate, discard and delete data, select histological
and clinical or genetic variables that are meaningful,
and consequently influence the result of patient
management.
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Introduction 

The histological type and grade heterogeneity of
gliomas and GB is well known. However, quantitative
systematic morphological data are not available. The
glioblastoma was defined by Virchow (1863) as a tumor
of glial origin. In 1926, Baley and Cushing (1926) used
the name ‘Glioblastoma multiforme’ for the first time.
Río Hortega (1932) and Polak (1966) described the
'isomorphic glioblastoma’ as a tumor constituted of
little round glial cells which is distinct from a
glioblastoma multiforme. As the term ‘multiforme or
polymorphic’ implies, the most salient feature is the
diversity of tissue patterns and cell forms encountered:
anaplastic astrocytes; gemistocytic, fibrillary or
pilocytic areas; and the presence of astroblastic,
oligodendroglial, and dedifferentiated cells. A
systematic description of some qualitative histological
features in GB was published by Zülch (1986). The
histological variability from area to area and between
different GB within the group as a whole precludes the
modern assimilation of theses tumors into a single
histological picture (McLendon et al., 1998). There is
evidence that the variability of GB is genetically
determined (Hayashi et al., 1997; Kleihues and Ohgaki
1997; Meyer-Puttlitz et al., 1997; Duerr et al., 1998)
Phenotypic histological, immunohistological and
biological heterogeneity is essentially an expression of
genotypic variability (Ironside et al., 2002). The
histological features form the basis of prognostic
inferences and of therapeutic decisions, therefore they
are of paramount importance in evaluating the
effectiveness of therapeutic strategies. Age, tumor
necroses, diffuse infiltration of tumor cells, number of
mitoses and other histological features may determine
the postoperative survival and recurrences (Budka et al.,
1979; Burger and Vollmer, 1980; Schmidt, 1983;
Giangaspero and Burger, 1983; Burger et al., 1985;
Nelson et al., 1985; Burger and Green, 1987).
Significance of individual proliferation rates is still
under discussion (Hopf et al., 1994). Each single factor
may be statistically significant to determine the survival
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of patients with GB. However, the biological evolution
of the tumoral process could be conditioned by all
variables. As an alternative to statistical evaluation of
histological features we investigated, in a large series of
patients, whether human GB can be grouped in different
clusters on the basis of their histological heterogeneity
using Self-Organizing Maps (SOM), an unsupervised
neural network learning technique (Bock, 1997;
Kohonen, 1995, 1997). 
Material and methods 

Data set 

1489 human GB were selected and recorded
between June 1976 and December 2003. Anaplastic
astrocytomas, anaplastic oligodendrogliomas and
astroblastomas were not included in the present series.
All cases underwent a total or subtotal surgical
excision. In every case all extirpated material was
available for histological study. It was fixed in 10%
formaldehyde and embedded in Paraffin. From 1976
until 1981, ten-µm sections of all tumors were dyed
with hematoxylin and eosin, trichrome stains (Goldner,
Mallory or Elastic van Gieson) and silver impregnations
for astrocytes and oligodendroglial cells after Rio
Hortega. Since 1982, each tumor was also assessed with
polyclonal antiserum against Glial fibrillary acidic
protein (GFAP), Vimentin (for the morphology of glial
cells) and KI67 (Dako, Denmark), and with the acid
phosphate anti-acid phophatase technique (APAAP). 

In all tumors, 50 histological characteristics were
examined and each one was graded on a scale of four:
(zero: absence of the feature, one: present to a small
degree, two: moderate presence and three: abundant). A
detailed description of these 50 histological features has
been given in previous studies (Cruz-Sánchez et al.,
1988; Iglesias-Rozas, 1986; Iglesias et al., 1983, 1985,
1986, 1988). The histological features together with the
age and sex of the patients were used as the basis of the
classification. 
SOM technique 

Viscovery SOMine Standard Edition Version 3.0
(Eudaptics software GmbH, Hauptstrasse 99, A-4232
Hagenberg, Austria) is a tool based on the concept of
Self-Organizing Maps (SOM). This is a powerful tool
for analyzing and visualizing complex data sets without
prior statistical knowledge. In Viscovery SOMine, the
SOM are done by using a two-dimensional hexagonal
grid (a map) with 47x43= 2021 nodes or neurons.
Initially, the histological data of each glioblastoma are
associated to a random node in the grid. The software
performs a sequence of steps that bring nodes with
similar data close to each other. At the end of this
process, which takes about 5 minutes, the grid has been
split into regions corresponding to the mathematically
most significant classification of the glioblastomas into

subgroups. The software allows to visualize different
aspects of the classification, evaluate similarities
between components, monitor new data, and retrieve
cluster statistics. Placing a series of component
windows side by side allows the immediate visual and
statistical investigation of the dependencies on
variables. Each node in the neighborhood will be
colored: The deeper the color the stronger the similarity. 
Results 

In our series of 1489 cases, 872 (58.56%) patients
were male and 617 (41.44%) female. The youngest
patient was 1 year old, the oldest 93 years old with a
mean of 55 years. Based on the WHO classification
(Kleihues and Cavenee, 2000). 1319 (88.58%) cases
were diagnosed as polymorphic glioblastoma (PG), 129
(8.66%) cases as giant cell glioblastoma (GCG) and 41
(2.75%) cases as gliosarcomas (GS). Viscovery
SOMine displays the Cluster window for GB with four
clusters and a significance of 52 (minimal = 0, maximal
value 60) (Fig. 1). 

Each hexagonal unit, called node, represents a
glioblastoma with its characteristic feature. The Cluster
window displays colored map regions constituted by
these clusters (Fig. 2). Clusters contain different
numbers of GB, between 164 and 558 cases (Table 1).

In the lower right cluster (C1) 558 cases of GB, 542
PG, 15 GCG and 1 GS were included (Table 2 and Fig.
2). The top left cluster (C2) included 522 tumours,
461PG, 58 cases of GCG and 3 GS. The upper right
cluster (C3), included 245 of GB The lower left cluster
(C4) included 164 (11.01%) GB and 36 cases of GS
(87.8% of all GS). Most GCG were included in the C2
cluster (44.96%). Fig. 2 The cluster window displays a
colored map of the four clusters of human GB. Placing
the series of component windows side by side allows
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Fig. 1. Graph showing the four clusters which are possible and their
corresponding significance of 52 (maximal value 60).
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Fig. 2. The cluster window displays a colored map of the 4 clusters of
human glioblastomas. A cluster may be seen as a map area containing
similar vectors of similar histological cases of GB delimited by
separators. A separator is the line that is drawn between two nodes if
they are further apart than the cluster threshold. A component window
represents the (average) component value at each node with a certain
color. The scale below the picture shows the correspondence between
colors and component values.

Fig. 3. Significant component windows and separators for four clusters. In all windows, blue signifies total absence of the feature and red its strong
presence. Cluster C1 showed cases with a lot of typical mitosis (TYPIS), dedifferentiated cells (UNDIF), the presence of preexistent nerve cells
(NERVE), and infiltration of the leptomeninges (LEPTO). Cluster C2 showed GB with a lot of astrocytes (ASTRO), Vacuolization (VAKUO), the
presence of myelin between the tumor cells (MARKS) and of prominent nucleoli (NUCLE). Cluster C3 shows GB with the presence of an important
amount of astroblasts (ASBLA), and glioblasts (GLIOBL). A small subgroup showed the presence of oligodendroglia. Cluster C4 showed GB with a
strong presence of stroma (STROM), oblong nucleus (LAENG) and collagen fibers (KOLLA). 

Table 1. Distribution of glioblastomas in the four clusters.

CLUSTER PG CGC GS TOTAL
Nr % Nr. % Nr. % Nr. % 

C1 542 41.09 15 11.63 1 2.44 558 37.47 
C2 461 34.95 58 44.96 3 7.32 522 35.06 
C3 235 17.81 9 06.98 1 2.44 245 16.45 
C4 81 6.41 47 36.72 36 87.80 164 11.01 
TOTAL 1319 100 129 100 41 100 1489 100

Table 2. Relative distribution of glioblastomas in the four clusters.

CLUSTER PG CGC GS TOTAL
Nr % Nr. % Nr. % Nr. % 

C1 542 97.13 15 2.69 1 0.18 558 100 
C2 461 83.51 58 11.11 3 0.57 522 100 
C3 235 95.92 9 3.67 1 0.41 245 100 
C4 81 49.39 47 28.66 36 21.95 164 100 
TOTAL 1319 88.58 129 8.66 41 2.75 1489 100 

the investigation of the dependencies on features (Fig.
3). 

The second important clustering included 10
clusters with a significance of 29 (Fig. 1). In this case
(Fig. 4) cluster C1 contained a subcluster (on the right)
that included cases with scanty anomalous vessels
(ANOMA), slight thromboses (THROM), little
polymorphic cells (ZPOLY), small cells (G-ZELL), and
a small quantity of polymorphic nuclei (KPLY).



Another small subcluster (bottom left) was built with
prominent nucleoli (NUCLE). Cluster C2 was divided
into three subclusters with different amounts of typical
(TYPIS) and atypical mitoses (ATYPI), and
vacuolization of the tumor (VAKUO). A subcluster
contained many intratumoral myelinated fibers
(MARKS). In cluster C3 a subcluster contained many
astroblasts and glioblasts and a second subcluster many
oligodendroglial cells. Cluster C4 included two
subclusters with a different quantity of stroma
(STROM), typical mitoses (TYPIS) and collagen fibers
(KOLLA).
Discussion 

The self-organizing map (SOM) (Zell, 1994;
Kohonen, 1995, 1997) is a neural network algorithm
based on unsupervised learning, which allows the
visualization of complex multidimensional data. Fifty
histological features as well as age and gender are the
data on which our study was based. The SOM combines
vector quantification and projection, which together
provide a map of the data giving a visual insight into
their properties. SOM is formed of input-neurons, in
our study these were 1489 GB containing 50-
dimensional vectors (the 50 values pertaining to each
patient). These neurons communicate with the neurons
of the two-dimensional hexagonal grid of the map
which, in our study, was constituted by 2021 nodes.
During the training, all the input-vectors together are
compared with the weight-vectors. The neuron of the

map that has the smallest distance to the input-vector is
the winning neuron. This is the way to calculate the
morphological and immunohistological likeness
(similar colors) among the diverse GB. “Similarity"
indicates, thus, a mathematical distance. On the other
hand, two-dimensional maps show clear similarities
with histological slides and therefore the data visualized
in this form are "more familiar" to pathologists and
radiologists than columns of numbers or even statistical
data. The more common visualization of the SOM, as in
our study, takes the form of a two-dimensional grid
(Zell, 1994; Vesanto, 1999). These maps indicate the
density of the weight-vectors of the distribution of the
GB and they adapt themselves in the input-area.

The incidence, age and sex distribution of GB in
our series are similar to those of other reported series
(Zülch, 1986; McLendon et al., 1998). In our study four
clusters or groups of GB could be recognized using
SOM with a maximal significance of 52 (minimal = 0,
maximal value 60) without previous classification.
Recognition of clusters underline the fact that the
different GB are a heterogeneous histological group of
tumors. However, some histological components are
determinant for significant clustering. The distribution
of the different phenotypes or clusters found in our
study perhaps could also indicate the distinct molecular
alterations of the GB (Kornfeld, 1986; von Deimling et
al., 1993; Hayashi et al., 1997; Meyer-Puttlitz et al.,
1997; Duerr et al., 1998; Schmidt et al., 2002). In the
2000 WHO classification (Kleihues and Cavenee, 2000)
glioblastoma multiforme includes only the variants of
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Fig. 4. Significant component windows and separators for 10 clusters with a significance of 29. Clusters C1 and C2 contained 3 subclusters. Clusters
C3 and C4 contained 2 subclusters.



GCG and GS, but other variants were reported by
Kornfeld (1986), composed of granular-appearing cells,
similar to the "isomorphic glioblastoma" described by
Río Hortega (1932) and Polak (1966). Cluster C1 may
correspond to PG and cluster C2 to GCG. Cluster C3
containes two subclusters with a lot of astroblasts and
glioblasts, and with oligodendroglial cells which may
correspond to different groups of “isomorphic
glioblastoma”. For the Ward- and SOM-Ward-cluster
method, a separator is the line that is drawn between
two nodes if they are in different clusters and the
building of a cluster depends on several components or
histological features. Some features like polymorphic
cells (ZPOLY) and polymorphic nuclei (KPOLY)
belong to clusters C1, C2 and C4. However, the
presence in GB of many astroblasts, glioblasts and
oligodendroglial cells is responsible for the formation
of new possible biological groups of GB demonstrated
by cluster C3 with a its subcluster. This could be have
important clinical implications, because GB with an
oligodendroglial component are associated with longer
survival than classical GB (Donahue et al., 1997). 

A second biological group of GB could be found in
one subcluster of C1 (Fig. 4, left bottom) that included
cases with scanty anomalous vessels (ANOMA), few
thromboses (THROM) as well as polymorphic cells
(ZPOLY), small cells (G-ZELL), and a small quantity
of polymorphic nuclei (KPLY). The subcluster may
correspond to the "isomorphic glioblastoma" of Del Río
Hortega (1932) and Polak (1996) and was
morphologically similar to the granular cell
glioblastoma described by Kornfeld (1986). Small
subclusters with a little mathematical significance may
show a small group of GB with specific biological
features. A possible new group of GB could be
represented by the subcluster of C2 with the component
MARKS (Fig. 4). These GB were characterized by the
presence of many intratumoral preexistent myelinated
axons which were observed by strongly infiltrating GB. 

The histological cluster C4 correlated with the
diagnosis of GS corresponding to the WHO-
classification. 87.80 % of all gliosarcomas of our series
were included in this cluster (Table 1). Furthermore,
strong values of the cluster-components namely stroma
(STROM), oblong nuclei (LAENG), collagen fibers
(KOLLA) and degenerative changes of tumor cells
(DEGEN) showed typical components of this group
(Figs. 3, 4). In addition, 37.72% of GCG were included
in this cluster. Foci of lipid degeneration may be
conspicuous in GCG (Gherardi et al., 1986). In
addition, the development of reticuline fibers and other
connective tissue may be extensive and occasionally
interpreted as sarcomas (McLendon et al., 1998). 

The SOM allowed, in our study, a realistic
histological classification comparable to the actual
WHO-classification (Kleihues and Cavenee, 2000) with
the advantage of providing a visualization of
multidimensional histological features. New
histological subclusters or groups of GB could be

detected. Comparing new data with the map helps
classify the data and gives an indication of whether the
new data belong to the same data distribution or cluster
or not. By using the qualitative information given by
visualization, sub areas and sub spaces can be selected
from the data and a quantitative analysis of these
performed rather than doing so blindly on the entire
data. Thus, after filtering, the data can be reanalyzed.
With SOM we can learn to discriminate, discard and
delete data, select histological and clinical variables that
are meaningful, and so influence the outcome and
patient management. New or not foreseen subclusters as
in C2 and C3 may initiate the investigations as to
whether using statistical methods could have a practical
significance, or whether the GB or clusters could build
a group with specific genetic alterations. In a previous
study (Iglesias-Rozas et al., 2000), using SOM
techniques, a cluster of GB with long survival was
found. These patients were treated with radiotherapy
and chemotherapy. Other features such as sex, age and
coefficient of malignancy (Iglesias et al., 1983, 1987)
were not important for the grouping in the present
study. 

Neuronal networks, and especially the SOM, do not
substitute the traditional statistical studies nor the actual
classification; however, the visualization and
comparison of the different variables with the help of
SOM-maps allow an efficient multifactorial analysis of
the parameters included in the study. Histological
clustering strategy has been used in children with
infratentorial neuroglial tumors (Gilles et al., 1998) to
identify homogeneous histological subsets. In the future
prospective studies with the help of SOM-nets in
patients with brain tumors would allow a more specific
evaluation of new predictive factors, genetic findings,
treatments and a more effective comparison with
established tumor managements. 
References 

Baley P. and Cushing H. (1926). A classification of tumors of the glioma
group on a histogenetic basis with a correlation study of prognosis.
J.B. Lippincott. Philadelphia. 

Bock H.H. (1997). Simultaneous visualization and clustering methods as
an alternative to Kohonen maps. In: Learning, networks and
statistics CISM Courses and Lectures NR 382. Della Riccia G., Renz
H.J. and Kruse R. (eds). Springer. Wien. pp 67-85. 

Bock H.H. (2000). Regression-Type models for Kohonen's self-elf-
organizing networks. In: Classification and data analysis. Proc. 23th
Annual Conference of the Gesellschaft für Klassifikation. Univ.
Bielefeld, 10-12 March 1999i. Decker R and Gaul W. (eds).
SpringerVerlag, Heidelberg. pp 19-31.

Budka H., Podreka I. and Zaunbauer F. (1979). Overgrowth of a
primitive cell population in operated recurrent gliomas: the possible
role of chemo- and radiotherapy. In: Multidisciplinary aspects of
brain tumor therapy. Paoletti P., Walker M.D., Butti C. and Knerich
R. (eds). Elsevier/ Northholland Biomedical Press. Amsterdam. pp
357-362. 

Burger P.C. and Green S.B. (1987). Patient age, histologic features, and

355
Human glioblastomas and SOM



length of survival in patients with glioblastoma multiforme. Cancer
59, 1617-1625. 

Burger P.C., Vogel F.S., Green S.B. and Strike T.A. (1985).
Glioblastoma multiforme and anaplastic astrocytoma. Pathologic
criteria and prognostic implication. Cancer 56, 1106-1111. 

Burger P.C. and Vollmer R.T. (1980). Histologic factors of prognostic
significance in glioblsatomas multiforme. Cancer 46, 1179-1186. 

Cruz-Sánchez F.F., Iglesias J.R., Rossi M.L., Cervós-Navarro J., Figols
J. and Haustein J. (1988). Histological characterization of 41
Ependymomas with the help of a personal computer. Cancer 62,
150-162.

Donahue B., Scott C.B., Nelson J.S., Rotman M., Murray K.J., Nelson
D.F., Banker F.L., Earle J.D., Fischbach J.A., Asbell S.O., Gaspar
L.E., Markoe A.M. and Curran W. (1997). Influence of an
oligodendroglial component on the survival of patients with
anaplastic astrocytomas: a report of Radiation Therapy Oncology
Group 83-02. Int. J. Radiat. Oncol. Biol. Phys. 38, 911-914.

Duerr E.M., Rollbraocker B., Hayashi Y., Peters N., Meyer-Puttlitz B.,
Louis D.N., Schramm J., Wiestler O.D., Parsons R., Eng C. and von
Deimlin A. (1998). PTEN mutations in gliomas and glioneural
tumors. Oncogene 16, 2259-2264.

Gherardi R., Baudrimont M., Nguyen J.P., Gaston A., Cesaro P., Degos
J.D., Caron J.P. and Poirier J. (1986). Monstrocellular heavily
lipidized malignant glioma. Acta Neuropathol. 69, 28-32.

Giangaspero F. and Burger P.C. (1983). Correlations between cytologic
composition and biological behavior in the glioblastoma multiforme.
A postmortem study of 50 cases. Cancer 52, 2320-2333.

Gilles F.H., Sobel E.L., Leviton A. and Tavare C.J. (1998). Clusters of
histologic characteristics in children with infratentorial neuroglial
tumors. The childhood B brain tumor consortium. J. Neurooncol. 39,
51-63. 

Hayashi Y., Ueki K., Waha A., Wiestler O.D., Louis D.N. and von
Deimling A. (1997). Association of EGFR gene amplification and
CDKN2 (p16/MTS1) gene deletion in glioblstomas multiforme. Brain
Pathol. 7, 871-875. 

Hopf N.J., Bremm J., Bohl J. and Perneczky A. (1994). Image analysis
of proliferating cells in tumors of the human nervous system: An
Immunohistological study with the monoclonal antibody Ki.67.
Neurosurgery 35, 917-923.

Iglesias-Rozas J.R. (1986). Die computerunterstuetzte
Charakterisierung der Mischgliome anhand histologischer,
immunologischer, elektronenmikroskopischer und klinischer
Merkmale. Habilitationsschrift, med. Fachbereiche der FU Berlin.

Iglesias J.R., Sánchez J., Sandra A. and Mohnhaupt A. (1983).
Computer model of archive and diagnosis of brain tumours based on
the WHO classification. EDV in Medizin und Biology. 14, 40-44. 

Iglesias J.R., Pfannkuch F., Aruffo C., Kazner E. and Cervós-Navarro J.
(1986a). Histopathological diagnosis of brain tumors with the help of
a computer: mathematical fundaments and practical application.
Acta Neuropathol. (Berl) 71,130-135.

Iglesias-Rozas J.R., Brinnel C.H. and Esparza J. (1986b). “TUMOR”
Computermodell für das histologische archiv der hirntumoren (WHO-
Klassifikation). Halbautomatisches verfahren. Verh. Dtsch. Ges.
Path. 70, 527. 

Iglesias J.R., Aruffo C., Esparza J. and Kazner E. (1988). Histological
grading of brain tumours. EDV in Medizin und Biologie. 19, 38-44. 

Iglesias-Rozas J.R., Camara M. and Schwenmle C. (2000). Predictive
factors in human glioblastomas studied with SOM-MAOS. Elec. J.

Pathol. Histo. l6/2, 002-006. 
Ironside J.W., Moss T.H., Louis D.N., Lowe J.S. and Weller R.O. (2002).

Diagnostic pathology of nervous systems tumours. Churchill
Livingstone. London. pp 112-114.

Kleihues P. and Ohgaki H. (1997). Genetics of glioma progression and
the definition of primary and secondary glioblastomas. Brain. Pathol.
74, 1131-1136. 

Kleihues P. and Cavenee W.K. (2000). World Heath Organization
Classification of Tumors pathology & genetics. Tumours of the
nervous system. IARC Press. Lyon. 

Kohonen T. (1995). Self-Organizing Maps. Springer Verlag, Berlin. 
Kohonen T. (1997). Self-Organizing Maps. Second Edit ion.

SpringerVerlag.
Kornfeld M. (1986). Granular cell glioblastoma: a malignant granular cell

neoplasm of astrocytic origin. J. Neuropathol. Exp. Neurol. 45, 447-
462.

McLendon R.E., Enteline D.S., Tien R.D., Thorstan W.L. and Bruner
J.M. (1998). In: Russell & Rubinstein's. Pathology of the tumors of
the nervous system. Bigner D.D., McLendon R.E. and Bruner J.M.
(eds). Volume 1. Chapter 9: Tumors of central neuroepithelial origin
ARNOLD. London. pp 307- 571.

Meyer-Puttlitz B., Hayashi Y., Waha A., Rollbrocker B., Bostrom J.,
Wiestler O.D., Louis D.N., Reifenberger G. and von Deimling A.
(1997). Molecular genetic analysis of giant cell glioblastomas. Am. J.
Pathol. 151, 853-857. 

Nelson D.F., Nelson J.S., Davis D.R., Chang C.H., Griffin T.W. and
Pajak T.F. (1985). Survival and prognosis of patients astrocytomas
with typical or anaplastic features. J. Neuro-Oncol. 3, 99-103.

Polak M. (1966). Blastomas del sistema nerviosos central y periférico.
Patología ordenación histogenética. López Libreros (eds). Buenos
Aires. 

Río Hortega P. del (1932). Estructura y sistematización de los gliomas y
paragliomas. Arch. Esp. Onc. 2, 411-677.

Schmidt H.P. (1983). Rapid anaplastic transformation in gliomas of
adulthood. 'Selection' in neuro-oncogenesis. Pathol. Res. Pract. 176,
313-323.

Schmidt M.C., Antweiler S., Urban N., Mueller W., Kuklilk A., Meyer-
Puttlitz B., Wiestler D., Louis D.N., Fimmers R. and von Deimling A.
(2002). Impact of genotype and morphology on the prognosis of
glioblastoma. J. Neuropathol Exp. Neurol. 61, 321-328

Vesanto J. (1999). SOM-based data visualization methods. Intelligent
Data Analysis 3, 111-126. 

Virchow R. (1863). Die krankhaften Geschwülste. Hirschwald (eds)
Berlin. 

von Deimling A., von Ammon K., Schoenfeld D., Wiestler O.D.,
Seizinger B.R. and Louis D.N. (1993). Subset of glioblastomas
multiforme defined by molecular genetic analysis. Brain Pathol.
3,19-26. 

Zell A. (1994). Simulation neuronaler netze. Addison-Wesley. pp 399-
411. 

Zülch K.J. (1962). The present state of the classification o intracranial
tumors and its value for neurosurgeon. In: The biology and
treatment of intracranial tumors. Fields W.S. and Sharkey (eds).
Thomas Springfiled. pp 157-177.

Zülch K.J. (1986). Brain tumors. Biology and pathology. 3rd ed, Springer
Verlag. Berlin, Heidelberg.

Accepted October 7, 2004

356
Human glioblastomas and SOM


